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In a previous editorial, we examined the concept of displaying with creativity, which involves using visual 
displays—namely, tables and figures—for the purpose of exploration, communication, calculation, storage, and 
decoration. Moreover, we documented that among manuscripts submitted to the journal Research in the Schools 
(RITS) over a 4-year period, a significant proportion of manuscripts (i.e., 19.7%) did not contain any visual 
displays, with a statistically significantly and practically significantly higher proportion of manuscripts containing 
tables than figures, and with the qualitative research manuscripts containing statistically significantly and 
practically significantly fewer visual displays than did both the quantitative research manuscripts and the mixed 
methods research manuscripts (Cohen’s d = 1.09 and 0.93, respectively). Most notably, manuscripts that received 
a decision of either accept or revise-and-resubmit were statistically significantly (Cramer’s V = .32) and practically 
significantly (Odds Ratio = 2.04; 95% confidence interval = 1.33, 3.12) more likely to contain one or more visual 
displays than were manuscripts that received a decision of reject (66.7%).  In an attempt to understand further 
the role that visual displays play in manuscripts, we examined, in 71 manuscripts submitted to RITS, the 
relationship between the use of visual displays and the following predictor variables: readability, writing style, 
and communication vagueness. Findings revealed that all three sets of predictor variables were statistically 
significantly and practically significantly related to the use of visual displays. Implications of these findings are 
discussed. 
 
Keywords: Research in the Schools, writing with discipline, displaying with creativity, tables, figures, visual 
displays, joint displays, crossover displays. manuscript rejection, manuscript acceptance, writing style, 
readability, communication vagueness 

 

Above all else show the data. 
―Edward Tufte 

 
The above quotation by Edward Tufte—a U.S. 
statistician and professor emeritus of political science, 
statistics, and computer science at Yale University, 
who pioneered the field of data visualization—is 
extremely poignant. Indeed, data visualization is a 
powerful way to represent data in general and to 
present data in particular in a form that is transparent, 
warranted, understandable, coherent, insightful, 
meaningful, and actionable. As such, data 
visualization is seen by some researchers as the 
essential final step of any data analysis approach. 
However, despite its logical and, above all, visual 
appeal, a significant proportion of researchers 

representing the quantitative, qualitative, and mixed 
methods research traditions appear to underutilize 
visual displays—that can be characterized as 
representing either a table or a figure (American 
Psychological Association [APA], 2020)—in their 
empirical research and evaluation studies. Consistent 
with this assertion, in our previous editorial, we 
documented that among manuscripts submitted to the 
journal Research in the Schools (RITS) over a 4-year 
period, a significant proportion of manuscripts (i.e., 
19.7%) did not contain any visual displays, with a 
statistically significantly and practically significantly 
higher proportion of manuscripts containing tables 
than figures.  
 Even manuscripts that contain at least one 
visual display often do not contain an optimal number 
of visual displays. For example, with respect to 
quantitative research studies, not only did 
Onwuegbuzie and Daniel (2005) report, via a visual 
display, that 91% of authors who submitted 
manuscripts for review for possible publication do not 
provide any discussion of assumptions for their 
statistical models used, but, even more importantly, 
they do not provide any visual data (e.g., histogram, 
boxplot, stem-and-leaf diagram, scatter plot, 
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interaction plot) to illustrate the extent to which the 
model assumptions were met, which can represent a 
serious error of omission. With respect to qualitative 
research, there appears to be an even greater 
underutilization of visual displays (Onwuegbuzie & 
Dickinson, 2008; Verdinelli & Scagnoli, 2013), which 
Miles and Huberman (1994) defined as “organized, 
compressed assembly of information that permi[t] 
conclusion drawing and action” (p. 11). In support of 
our assertion, Onwuegbuzie and Hwang (2019) 
discovered that the qualitative research manuscripts 
examined in their study contained statistically 
significantly and practically significantly fewer visual 
displays than did both the quantitative research 
manuscripts and the mixed methods research 
manuscripts (Cohen’s d = 1.09 and 0.93, respectively). 
And the non-use of visual displays in qualitative 
research studies can render a manuscript not being 
sufficiently rigorous and rich and being characterized 
by what Bazeley (2009) referred to as a superficial 
reporting of themes in which “qualitative researchers 
rely on the presentation of key themes supported by 
quotes from participants’ text as the primary form of 
analysis and reporting of their data” (p. 6).  Further, 
Verdinelli and Scagnoli (2013), who examined 
articles that were published between 2007 and 2009 in 
the journals Qualitative Health Research, Qualitative 
Inquiry, and Qualitative Research, documented that 
only 27% of articles contained some type of data 
display. 

As outlined by Tufte (2001), quality visual 
displays should exemplify a “well-designed 
presentation of interesting data” (p. 51) that represents 
a matter of substance and of design. Further, such 
quality displays should “consist of complex ideas 
communicated with clarity, precision, and efficiency” 
(p. 51). More specifically, visual displays should  
• show the data 
• induce the viewer to think about the substance 

rather than about methodology, graphic design, 
the technology of graphic production, or 
something else 

• avoid distorting what the data have to say 
• present many numbers in a small space 
• make large data sets coherent 
• encourage the eye to compare different pieces of 

data 
• reveal the data at several levels of detail, from a 

broad overview to a fine structure 
• serve a reasonably clear purpose: description, 

exploration, tabulation, or decoration 
• be closely integrated with the statistical and 

verbal descriptions of a data set (Tufte, 2001, p. 
13) 

According to the authors of APA (2020), visual 
displays can be presented to fulfil several purposes 
that include exploration (i.e., the data contain a 
message from which readers can learn; e.g., 

exploratory data analysis and data mining techniques); 
communication (i.e., the author wants to portray the 
underlying meaning contained in the data, which is the 
purpose of most data displays in scientific works); 
calculation (i.e., the display allows readers to estimate 
some statistic or function of the data); storage (i.e., 
data can be stored in a display for later retrieval, such 
as for use in a meta-analysis); and decoration (i.e., 
data display are used to highlight data and to make the 
report more visually appealing. At its optimum, as 
noted by Ben Schneiderman—a U.S. computer 
scientist, who is famous for his work on information 
visualization, and who originated the treemap concept 
for hierarchical data that are included in hard drive 
exploration tools, census systems, election data, stock 
market data analysis, gene expression, and data 
journalism—“Visualization gives you answers to 
questions you didn’t know you had.”  

Traditionally, the data in data visualization has 
referred to primary information that is collected by the 
researcher(s) from a primary or secondary source and 
then subjected to some type of quantitative, qualitative, 
and/or mixed analysis. Yet, Onwuegbuzie and 
Hitchcock (2019) reminded researchers to think of 
data  

as stemming from information that is neither 
qualitative nor quantitative at its inception 
(Valsiner, 2000; cf. Figure 1)—with both 
qualitative data and quantitative data being 
socially constructed from experiences or 
phenomena (Sandelowski, 2014), “co-produced” 
(Moore, 2007, ¶ 2.3) and “co-constructed” 
(Moore, 2007, ¶ 2.3, 3.5, 3.6) by both the 
participant(s) and researcher(s) (Moore, 2007, ¶ 
2.3), non-static and non-immutable (i.e., 
chang[ing] with person and time”; Sandelowski, 
2011, p. 347), “situated” in their use (Moore, 
2007, ¶ 3.7), and “tainted with an analytical or 
interpretive cast in the very process of becoming 
data” (italics in original; Wolcott, 1994, p. 16). (p. 
10) 

Therefore, by data in data visualization, we are 
referring to any information that can appear in any of 
the 12 components of a research study, which was 
categorized by Onwuegbuzie and Frels (2016), as 
follows: problem statement, literature review, 
theoretical/conceptual framework, research 
question(s), hypotheses, participants, instruments, 
procedures, analyses, interpretation of the findings, 
directions for future research, and implications for the 
field. 
Purpose of Study 

The most notable finding of Onwuegbuzie and 
Hwang’s (2019) study was that manuscripts which 
received a decision of either accept or revise-and-
resubmit were statistically significantly (Cramer’s V 
= .32) and practically significantly (Odds Ratio = 2.04; 
95% confidence interval = 1.33, 3.12) more likely to 
contain one or more visual display than were 
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manuscripts that received a decision of reject (66.7%).  
In an attempt to explain the link between data 
visualization and manuscript quality, Onwuegbuzie 
and Hwang (2019) hypothesized that visual displays 
likely reduce communication vagueness, which has 
been linked to manuscript rejection (Onwuegbuzie, 
2018), and increase readability, which also has been 
linked to manuscript rejection (Onwuegbuzie, 
Mallette, Hwang, & Slate, 2013). Thus, they called for 
future research in the area of visual displays wherein 
communication vagueness and readability were the 
subject of study.  

With the goal of answering this call, the purpose 
of the present research study was to test these two 
hypotheses that pertain to data visualization being 
linked to readability and communication vagueness. 
Also, because of Onwuegbuzie and Daniel’s (2005) 
finding that manuscripts submitted to a journal that are 
poorly written overall are, on average, approximately 
12 times more likely to be rejected than are well-
written manuscripts, we also tested the hypothesis that 
data visualization is linked to writing style. 
Specifically, the following three research questions 
were addressed: 

1. What is the relationship between the use of 
one or more visual displays and readability among 
manuscripts submitted to a journal? 

2. What is the relationship between the use of 
one or more visual displays and writing style among 
manuscripts submitted to a journal?  

3. What is the relationship between the use of 
one or more visual displays and communication 
vagueness among manuscripts submitted to a journal? 
Conceptual Frameworks 

Readability. Readability is based on the notion 
that the text “becomes readable, most agree, when 
variables in a text interact with those in a reader to 
make the writing easy to understand” (Harris & 
Hodges, 1995, p. 204). Therefore, readability 
formulas often are used for estimating readability (i.e., 
a text’s difficulty) via “counts of language variables in 
a piece of writing to provide an index of probable 
difficulty for readers” (Klare, 1974/1975, p. 64). In the 
current study, we used two popularized readability 
formulae, namely, Flesch Reading Ease and Flesch-
Kincaid Grade Level. According to Flesch (1946), the 
highest (i.e., easiest) Flesch Reading Ease Score is 
approximately 100, with a Flesch Reading Ease Score 
between 90 and 100 representing text that potentially 
can be understood by fifth-grade students; a Flesch 
Reading Ease Score between 60 and 70 representing 
text that potentially can be understood by eighth- to 
ninth-grade students; and a Flesch Reading Ease Score 
between 0 and 30 representing text that potentially can 
be understood by college graduate students (Flesch, 
1946). In contrast, the formula for the Flesch-Kincaid 
Grade Level essentially involves a conversion of the 
reading ease score to a U.S. grade level in order for 

educators, students, parents, and other stakeholders to 
assess the readability level of text via a common index. 
We expected that readability would be improved via 
the use of visual displays. 

Writing style. In order to represent writing style, 
we selected the following three writing style variables: 
average number of words per sentence, average 
number of sentences per paragraph, and the 
percentage of passive-voice sentences. We selected 
these variables because they represent logical 
variables in predicting the quality of writing. Further, 
Onwuegbuzie (2020b) reported that all of them 
predicted whether or not a manuscript is rejected for 
publication by the editor. We expected that writing 
style would be enhanced via the use of visual displays. 

Communication vagueness. Hiller, Fisher, and 
Kaess (1969), who conceptualized communication 
vagueness, defined communication vagueness as a 
“psychological construct, which refers to the state of 
mind of a performer who does not sufficiently 
command the facts or the understanding required for 
maximally effective communication” (p. 670). 
Accordingly, they identified the following 10 
categories of communication vagueness: 
1. ambiguous designation (i.e., something 

potentially specifiable is mentioned but not 
definitely identified; e.g., stuff, and so on); 

2. negated intensifiers (i.e., negations can be 
evasions; e.g., not quite; not necessarily); 

3. approximation (i.e., use reflects real or referential 
vagueness or imprecise knowledge; e.g., sort of, 
pretty much); 

4. bluffing and recovery (i.e., when a speaker/writer 
is not communicating effectively and attempts to 
shift responsibility for making sense of content to 
the listener/reader; e.g., actually, anyway); 

5. admission of error (i.e., repeated admissions of 
error indicate lack of confidence or lack of 
competence; e.g., I made a mistake, I don’t know); 

6. indefinite amount (i.e., an amount that is 
potentially knowable but is not specified; e.g., 
some, a couple, a little, a lot); 

7. multiplicity (i.e., pseudospecification or glossing 
over of complexity; e.g., types, kinds); 

8. probability and possibility (i.e., indicates lack of 
clarity or lack of definite knowledge; e.g., at times, 
generally); 

9. reservations (i.e., expressions of doubt or 
reluctance to commit to a specific point of view; 
i.e., appear, seems); and 

10. anaphora (i.e., excessive and repetitious use of 
pronouns instead of direct references makes 
content more difficult to follow; e.g., she, he, it, 
them, latter, former). 

We expected that communication vagueness—
particularly, the vagueness of words written (cf. Hiller, 
1971)—would be reduced via the use of visual 
displays. 
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Method 
Sample Size and Procedures 

To analyze the relationship between the use of 
visual displays and the readability, writing style, and 
communication vagueness among manuscripts 
submitted to a journal, we examined 71 manuscripts 
submitted to RITS over a 4-year period. These 
manuscripts represented approximately 50% of all 
manuscripts submitted to this journal over this period, 
which made these set of findings, at the very least, 
generalizable to the population of manuscripts 
submitted to RITS.  The decision to use a sample size 
of 71 was the result of an a priori statistical power 
analysis. Specifically, because there were two 
readability variables, three writing style variables, and 
10 communication vagueness variables—which 
resulted in three sets of discriminant analyses—the 
statistical power analysis was conducted on the 10 
communication vagueness variables because it 
yielded the largest discriminant analysis model that 
necessitated the largest sample size. Therefore, a 
sample size of 71 was determined because it 
represented the sample size needed to detect a 
moderate multivariate relationship (i.e., discriminant 
analysis; f = .27) simultaneously for dependent 
measures (i.e., 10 communication vagueness 
categories) between the two groups (i.e., manuscripts 
that contained at least one visual display vs. 
manuscripts that did not contain any visual display) at 
the 5% level of statistical significance and a power 
of .80. 

For each of the 71 manuscripts submitted to 
RITS over this time period, we meticulously 
documented every table and figure presented by these 
71 sets of authors. Further, to collect data on 
readability and writing style, we used Microsoft Office 
Word’s Show readability statistics option to compute 
two readability statistics (i.e., Flesch Reading Ease 
and the Flesch–Kincaid Grade Level) and three 
writing style indices (i.e., average number of words 
per sentence, average number of sentences per 
paragraph, and the percentage of passive-voice 
sentences).  
 With regard to the communication 
vagueness variables, we used QDA Miner, Version 
5.0.33 (Provalis Research, 2019a), to conduct an 
initial coding of the 71 manuscripts for the 
communication vagueness contained in them. Then, 
we used WordStat 8.0.26 (Provalis, 2019b) to conduct 
a quantitative content analysis of the communication 
vagueness in the manuscript with respect to the 
aforementioned 10 categories of communication 
vagueness. As such, the data set created by these 
members of the editor team was extremely rich and 

unique, representing a data set that only journal editors 
have the opportunity to develop. 
Analysis 
 We computed descriptive statistics (i.e., 
measures of central tendency, measures of variation) 
for all the variables. In addition, we used a series of 
discriminant analyses to determine (a) which 
readability variables, if any (i.e., Research Question 1), 
(b) which writing style variables, if any (i.e., Research 
Question 2), and (c) which communication vagueness 
categories, if any (Research Question 3), 
discriminated the use of visual displays versus the 
non-use of visual displays. 

Results 
Table 1 presents descriptive statistics pertaining 

to all the independent variables. In particular, it can be 
seen from this table that, with respect to the readability 
variables, the mean Flesch Reading Ease score was 
slightly under 30 and, therefore, was within the 0-30 
range that represents text which potentially can be 
understood by college graduate students (Flesch, 
1946). With respect to the writing style variables, 
according to Chafe and Danielewicz (1987), the 
number of words per sentence of academic writers is 
normally distributed with a mean of 24 words. 
Additionally, Elia (2009) reported that the average 
sentence length for encyclopedias was 22—
specifically, with the average sentence length being 
22.09 in Wikipedia (Range = 14.7 to 35.8) and 22.05 
in Brittanica (Range = 14.4 to 32.8). Therefore, the 
mean number of words per sentence of 23.47 is very 
similar to Chafe and Danielewicz’s (1987) finding. 
Further, the 21.34% passive voice percentage in Table 
1 is very similar to Onwuegbuzie, Mallette et al.’s 
(2013) mean number of 21.52 (SD = 8.68). Also, the 
average number of sentences per paragraph was 5.42 
is identical to the mean of 5.42 (SD = 5.60) sentences 
per paragraph documented by Onwuegbuzie, Mallette, 
et al. (2013). Finally, with regard to communication 
vagueness, anaphora was by far the most prevalent 
category, followed, by a distance, by multiplicity, and 
then by probability and possibility. 
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Table 1 
 
Descriptive Statistics Pertaining to the Selected Variables Among Manuscripts Submitted to Research in the 
Schools (n = 71) 
 

 Variable M SD 

Flesch Reading Ease 29.91 9.06 

Flesch-Kincaid Grade Level  14.21 1.59 

average number of words per sentence 23.47 3.14 

average number of sentences per paragraph 5.42 5.33 

percentage of passive-voice sentences  21.34 8.65 

ambiguous designation  3.93 5.70 

negated intensifiers  0.69 1.40 

approximation  2.07 3.10 

bluffing and recovery  1.27 2.14 

admission of error  0.01 0.12 

indefinite amount  4.21 5.35 

multiplicity  14.59 12.31 

probability and possibility  9.61 15.63 

reservations  2.35 3.20 

anaphora 36.72 34.96 

Research Question 1: What is the relationship 
between the use of one or more visual displays and 
readability among manuscripts submitted to a 
journal?  

A canonical discriminant analysis procedure 
was conducted to determine which of the two 
readability variables (i.e., Flesch Reading Ease and 
Flesch–Kincaid Grade Level), if any, best predicted 
whether or not the manuscript contained one or more 
visual displays. The two readability variables served 
as the predictor variables, with the manuscript visual 
display disposition serving as the dependent variable. 
This analysis revealed that both readability variables 
contributed statistically significantly to the prediction 
of manuscript visual display disposition. Specifically, 
the canonical discriminant analysis revealed a 
statistically significant canonical function (×2[2] = 
5.64, p < .05; Wilks’s Lambda = 0.92). The 
corresponding canonical correlation was .28, which 
suggested a medium effect size (Cohen, 1988). In 
addition, the group centroid (the average score on the 
discriminant function for manuscripts in both groups) 

for this function was .14 for manuscripts that 
contained one or more visual displays and -.58 for 
manuscripts that did not contain any visual displays. 
These statistics indicated that the discriminant 
function maximally separated manuscripts with visual 
displays from manuscripts without visual displays. 

An examination of the standardized canonical 
discriminant function coefficient (Table 2) revealed 
that, using a cutoff loading of 0.3 (Lambert & Durand, 
1975; Tabachnick & Fidell, 
2007), both reading variables were practically 
significant, with Flesch-Kincaid Grade Level being, 
by far, the best predictor. Further, the structure 
coefficients (i.e., structure matrix) between the 
independent variable set and the standardized 
canonical discriminant function (Table 2) indicated 
that, using a cutoff loading of 0.3 (Lambert & Durand, 
1975; Tabachnick & Fidell, 2007), both readability 
variables discriminated the two sets of manuscripts. 
Again, Flesch-Kincaid Grade Level was the best 
predictor. Interestingly, Flesch Reading Ease had 
negative coefficients, suggesting that manuscripts that 
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contained one or more visual displays had lower 
Flesch Reading Ease scores, which, as a reminder, 
means better readability.  

 
 

 
Table 2 
 
Standardized and Structure Coefficients for Readability Variables Predicting Whether or Not a Manuscript 
Contained One or More Visual Displays 
 

* coefficients with effect sizes larger than .3 (Lambert & Durand, 1975)   
 
 
Research Question 2: What is the relationship 
between the use of one or more visual displays and 
writing  
style among manuscripts submitted to a journal?  

An All Possible Subsets (APS) canonical 
discriminant analysis procedure was 
conducted to determine which of the three writing 
style variables (i.e., average sentence length, average 
number of sentences per paragraph, and the 
percentage of passive-voice sentences), if any, best 
predicted whether or not the manuscript contained one 
or more visual displays. The three writing style 
variables served as predictor variables, with the 
manuscript visual display disposition serving as the 
dependent variable. All possible models involving 
some or all of the three writing style variables were 
examined. That is, via this APS discriminant analysis, 
separate discriminant functions were computed for all 
writing style variables singly, all possible pairs of 
variables, all possible trios of variables, and so on, 
until the best subset of writing style variables was 
identified according to some pre-specified criteria. For 
this study, the criteria used were Wilks’ lambda, the 
probability level (i.e., p value), the canonical 
correlation coefficient (which served as a measure of 
effect size), the standardized canonical discriminant 
function coefficients, and the structure coefficients. It 
should be noted that the APS discriminant analysis is 
different from stepwise discriminant analysis, in 
which the order of entry of variables is based 
exclusively on the probability level. Indeed, stepwise 
discriminant analysis does not guarantee the optimal 
model, and, therefore, several researchers (e.g., 
Onwuegbuzie & Daniel 2003; Thompson, 1995) 
problematize this type of analysis, instead advocating 
some form of canonical discriminant analysis. 

The selected model indicated that all three 
writing style variables contributed statistically 
significantly to the prediction of manuscript visual 
disposition.  Specifically, the canonical discriminant 
analysis revealed a statistically significant canonical 
function (×2[3] = 12.23, p = .007; Wilks’s Lambda = 
0.83). The corresponding canonical correlation 
was .41, which suggested a medium-to-large effect 
size (Cohen, 1988). In addition, the group centroid for 
this function was .22 for manuscripts that contained 
one or more visual displays and -.89 for manuscripts 
that did not contain any visual displays. These 
statistics indicated that the discriminant function 
maximally separated these two types of manuscripts. 

An examination of the standardized canonical 
discriminant function coefficient (Table 3) 
revealed that, using a cutoff loading of 0.3 (Lambert 
& Durand, 1975; Tabachnick & Fidell, 
2007), all three writing style variables were practically 
significant, with the average number of sentences per 
paragraph being the best predictor. With respect to the 
structure 
coefficients (Table 3), using a cutoff loading of 0.3, 
again, all three writing style variables were practically 
significant, with the average number of sentences per 
paragraph being the best predictor. In Table 3, the 
writing style elements with a positive coefficient (i.e., 
average number of sentences per paragraph) indicated 
that authors with longer paragraphs were more likely 
to produce manuscripts that contained one or more 
visual displays. Conversely, writing style elements 
with a negative coefficient (i.e., average number of 
words per sentence and the percentage of passive-
voice sentences) indicated that authors who wrote 
shorter sentences and who used the passive voice more 
were less likely to produce manuscripts that contained 
one or more visual displays. 

 

 

 
 Variable 

 
Standardized Coefficient 

 
Structure Coefficient 
 

Flesch-Kincaid Grade Level 1.32* .98* 

Flesch Reading Ease  -0.38* -.79* 
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Table 3 

Standardized and Structure Coefficients for Writing Style Elements Predicting Whether or Not a Manuscript 
Contained One or More Visual Displays 
 

Variable Standardized Coefficient Structure Coefficient 
Average number of sentences per 
paragraph 

0.74* 
 

.59* 
 

Average number of words per 
sentence 

-0.64* -.54* 

Percentage of passive statements -0.41* -.54* 
* coefficients with effect sizes larger than .3 (Lambert & Durand, 1975) 

 
Research Question 3: What is the relationship 
between the use of one or more tables and/or 
figures and the frequency of communication 
vagueness among manuscripts submitted to a 
journal?  

An All Possible Subsets (APS) canonical 
discriminant analysis also was used to identify an 
optimal combination of communication vagueness 
categories (i.e., independent variables) that best 
predicted whether or not the manuscript contained one 
or more visual displays. This analysis revealed that a 
model containing the following six communication 
vagueness categories provided the best fit (×2[6] = 
12.44, p = .05; Wilks’s Lambda = 0.83) to the 
prediction of manuscript visual disposition: indefinite 
amount, admission of error, reservations, anaphora, 
and probability and possibility, and negated 
intensifiers. This model was indexed by a canonical 
correlation coefficient of .42, which suggested a 

medium-to-large effect size (Cohen, 1988). In 
addition, the group centroid for this function was .22 
for manuscripts that contained one or more 
tables/figures and -.91 for manuscripts that did not 
contain any tables or figures. These statistics indicated 
that the discriminant function maximally separated 
these two types of manuscripts. In Table 4, 
communication vagueness categories with a positive 
coefficient (i.e., admission of error, reservations, 
anaphora, and negated intensifiers) indicated that 
authors high on these categories were more likely to 
produce manuscripts that contain one or more visual 
displays. Conversely, communication vagueness 
categories with a negative coefficient (i.e., indefinite 
amount and probability and possibility) indicated that 
authors high on these categories were less likely to 
produce manuscripts that contain one or more visual 
displays. 

 
Table 4 
 
Standardized and Structure Coefficients for Communication Vagueness Variables Predicting Whether or Not 
a Manuscript Contained One or More Visual Displays 
 
 Variable Standardized Coefficient Structure Coefficient 

Indefinite amount -1.30* -.36* 
 

Admission of error 0.94* .55* 
Reservations 0.84* .58* 
Anaphora 0.84* .44* 
Probability and possibility -0.80* .50* 

Negated intensifiers 0.40* .60* 
* coefficients with effect sizes larger than .3 (Lambert & Durand, 1975)  
 

Discussion 
The present study is unique in at least three ways. 

First, it represents the first study to investigate the 
relationship between the use of visual displays and 
readability among manuscripts submitted to a journal 
for review for possible publication. Second, this 

investigation represents the first attempt to examine 
the relationship between the use of visual displays and 
writing style. A third uniqueness was that this inquiry 
involved examination of the relationship between the 
use of visual displays and communication vagueness. 
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In previous RITS editorials, the authors have 
advanced the concept of writing with discipline, which 
refers to writing manuscripts that are intended to be 
submitted to a journal for review for possible 
publication that have minimal APA errors in the 
abstract (Hahs-Vaughn, Onwuegbuzie, Slate, & Frels, 
2009) and the body of the manuscript (Onwuegbuzie 
& Combs, 2009; Onwuegbuzie, Combs, Slate, & Frels, 
2010), as well as in the reference list (Onwuegbuzie, 
Combs, Frels, & Slate, 2011; Onwuegbuzie, Frels, 
Hwang, & Slate, 2013; Onwuegbuzie, Frels, & Slate, 
2010; Onwuegbuzie, Hwang, Combs, & Slate, 2012; 
Onwuegbuzie, Hwang, Frels, & Slate, 2011; 
Onwuegbuzie, Waytowich, & Jiao, 2006; Waytowich, 
Onwuegbuzie, & Jiao, 2006) and table (Frels, 
Onwuegbuzie, & Slate, 2010a) sections of empirical 
and non-empirical (e.g., methodological, conceptual, 
theoretical) manuscripts; avoiding grammatical errors 
(Onwuegbuzie, 2017); using appropriate verbs (Frels, 
Onwuegbuzie, & Slate, 2010b); using link 
words/phrases to connect sentences and paragraphs 
whenever possible (Onwuegbuzie, 2016); avoiding 
communication vagueness (Onwuegbuzie, 2018); and 
maximizing readability (Onwuegbuzie, Mallette, et al., 
2013). Onwuegbuzie and Hwang’s (2019) finding 
regarding the link between the use of visual displays 
and manuscript disposition (i.e., the editor’s decision) 
indicates that using visual displays represents another 
component of writing with discipline, what these 
authors referred to as displaying with creativity (p. i). 

The present study revealed that the use of visual 
displays in manuscripts is related to certain elements 
of writing style, readability, and certain elements of 
communication vagueness. That is, displaying with 
creativity is related to writing with discipline! With 
regard to writing style, the finding that the average 
number of sentences per paragraph is positively 
related to the use of visual displays is intriguing and is 
worthy of further investigation, as is the finding that 
authors of manuscripts with visual displays tend to use 
the passive voice less than do their counterparts who 
do not use visual displays. Such an investigation could 
provide useful information about the what factors 
assist the process of writing with discipline 
—bearing in mind that manuscripts submitted to RITS 
that are poorly written overall are approximately 12 
times more likely to be rejected, on average, than are 
well-written manuscripts (Onwuegbuzie & Daniel, 
2005). Further, that the average number of words per 
sentence is negatively related to the use of visual 
displays indicates that manuscripts with visual 
displays tend to contain shorter sentences. This 
finding has intuitive appeal because it supports the 
adage that “a picture is worth a thousand words!” 
Interestingly, as noted previously, Onwuegbuzie 
(2020b) reported that all three writing style variables 
analyzed in the current study were statistically 
significant and practically significant predictors of 
whether or not a manuscript is rejected for publication 

by the editor. Therefore, the link among writing style, 
use of visual display, and quality of manuscript is 
worthy of further investigation. 

A particular compelling finding surrounds those 
concerning readability. In a nutshell, readability 
indices differ as a function of whether or not the 
manuscript contains visual displays. Specifically, 
authors who include visual displays tend to have lower 
Flesch Reading Ease scores, with lower Flesch 
Reading Ease being indicative of more readable text. 
Now, as stated earlier, Flesch Reading Ease Score 
between 0 and 30 representing text that potentially can 
be understood by college graduate students (Flesch, 
1946). And this cutoff score of 30 was empirically 
verified via three studies, which are presented 
chronologically as follows: (a) Metoyer-Duran (1993), 
who examined whether readability estimates differed 
significantly among published, accepted, and rejected 
manuscripts and abstracts from College and Research 
Libraries during the 1990-1991 period, reported that 
the mean Flesch Reading Ease Score was 28.04 for 
accepted manuscripts and 30.77 for rejected 
manuscripts; (b) Gazni (2011), upon examining the 
relationship between Flesch Reading Ease Scores of 
260,000 abstracts of articles, spanning 22 disciplines, 
that were published between 2000 and 2009 from the 
five institutions (e.g., Harvard) that received the 
largest number of citations and their citation rates, 
observed that the Flesch Reading Ease Scores, which 
ranged from an average of 12.6 in 
pharmacology/toxicology to an average of 25.6 in 
mathematics, all fell within the 0-30 range; and (c) 
Onwuegbuzie, Mallette, et al. (2013) documented that 
manuscripts with Flesch Reading Ease scores between 
0 and 30 were 1.64 more times less likely to be 
rejected for publication than were manuscripts with 
Flesch Reading Ease scores greater than 30. 
Interestingly, findings from the current study provided 
a fourth body of evidence regarding the significance 
of the cutpoint score of 30. Specifically, using Fisher’s 
Exact Test, not only were manuscripts with Flesch 
Reading Ease scores within the 0-30 range statistically 
significantly (p = .047) more likely to contain visual 
displays that represented a medium effect size 
(Cramer’s V = .23), but also manuscripts with Flesch 
Reading Ease scores within the 0-30 range were 3.44 
times (95% confidence interval [CI] = 1.01, 12.28) 
more likely to contain visual displays than were 
manuscripts with Flesch Reading Ease scores greater 
than 30.  

With regard to Flesch-Kincaid Grade Level, 
Onwuegbuzie, Mallette, et al. (2013) documented that 
manuscripts with Flesch-Kincaid Grade Level scores 
of 16 and above were 4.55 times less likely to be 
rejected than were manuscripts with Flesch-Kincaid 
Grade Level scores less than 16. However, in the 
present study, 16 did not turn out to be the cutpoint 
score, with no statistically significant difference in the 
use of visual displays between manuscripts with 
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Flesch-Kincaid Grade Level scores of 16 and above 
and those with Flesch-Kincaid Grade Level scores less 
than 16 (Fisher’s Exact Test p = .58). Instead, 13 
turned out to be the cutpoint score, with manuscripts 
with Flesch-Kincaid Grade Level scores of 13 and 
above statistically significantly more likely to contain 
visual displays than were manuscripts with Flesch-
Kincaid Grade Level scores less than 13 (Fisher’s 
Exact Test p = .05), with manuscripts with Flesch-
Kincaid Grade Level scores of 13 and above being 
3.97 times (95% CI = 1.03, 15.30) more likely to 
contain visual displays than were manuscripts with 
Flesch-Kincaid Grade Level scores less than 13. 

Finally, the relationship found between the use 
of visual displays and certain communication 
vagueness categories also is noteworthy. In particular, 
the finding that manuscripts that are characterized by 
communication vagueness associated with indefinite 
amount are less likely to contain visual displays has 
logical appeal because it suggests that these authors 
are not taking advantage of visual displays—
especially tables—to provide more specific 
information. Similarly, the finding that manuscripts 
that are characterized by communication vagueness 
associated with probability and possibility are less 
likely to contain visual displays also has logical appeal 
because it suggests that these authors are not using 
visual displays to maximize clarity and to demonstrate 
relevant knowledge. 

Conclusions 
In conclusion, as demonstrated in this editorial, 

there appears to be a strong link between the use of 
visual displays and elements of writing style, 
readability, and communication vagueness. And 
because a strong relationship has been documented 
between manuscript disposition (i.e., acceptance vs. 
rejection) and these same writing style elements (i.e., 
average number of words per sentence, average 
number of sentences per paragraph, and the 
percentage of passive-voice sentences; Onwuegbuzie, 
2020b), readability (Onwuegbuzie, Mallette, et al., 
2013), and communication vagueness (Onwuegbuzie, 
2018), it appears that writing style, readability, 
communication vagueness, and quality of manuscript 
are inter-related in some way. Mixed research 
techniques (see, for e.g., Johnson & Onwuegbuzie, 
2004; Johnson, Onwuegbuzie, & Turner, 2007; 
Tashakkori & Teddlie, 2010) can play an important 
role in exploring further these relationships. For 
example, in the qualitative phase(s), (RITS) authors 
could be interviewed to determine the causal direction, 
if any, among writing style, readability, 
communication vagueness, and visual displays. For 
example, in general, do authors use visual displays to 
enhance writing style, readability, and/or 
communication clarity, or is improvement in writing 
style, readability, and/or communication clarity the 
result of using visual displays? With respect to the 

quantitative phase(s), path analysis/structural equation 
modeling can be used to explore the interplay of these 
variables. Further, mediation analyses and moderating 
analyses, via a series of regression models (Baron & 
Kenny, 1986; Hayes, 2018) can be conducted to 
identify mediating and moderating relationships 
involving these variables. In any case, it is clear that 
investigating the role of visual displays represents a 
fruitful area for research. 
 Notwithstanding, the link found in the 
present study between the use of visual displays and 
elements of writing style, readability, and 
communication vagueness, as well as the link reported 
by Onwuegbuzie and Hwang (2019) between the use 
of visual displays and manuscript disposition, suggest 
that more preparation is needed for doctoral students 
as to how to create tables and figures. Indeed, it 
appears that many instructors of quantitative research 
(e.g., statistics, measurement) appear to emphasize the 
analysis (i.e., computation) of data—as opposed to the 
presentation of data. And with respect to the 
presentation of data, it also appears that instructors of 
these courses tend to emphasize the narrative (i.e., 
within-paragraph) reporting of data instead of visual 
presentation. Therefore, it appears that in quantitative 
research courses, visualization of data is regarded by 
many, if not most, instructors as being of secondary 
importance. And this lack of focus on the visualization 
of data in graduate-level quantitative courses likely 
reflects the fact that although there are hundreds of 
textbooks devoted to statistical analyses, there are 
very few books devoted to presenting data (e.g., 
Evergreen, 2017; Nicol & Pexman, 2010).  

Similarly, with respect to the qualitative 
research courses, an examination of qualitative 
research course syllabi by both Onwuegbuzie (2020a), 
and 10 years earlier by Verdinelli and Scagnoli (2010), 
revealed no mention of visual presentations. 
Consequently, as is the case for quantitative research 
courses, in general qualitative research courses (e.g., 
introductory qualitative research courses), there 
appears to be much more emphasis on narrative 
presentation than on visual presentation, with the 
visualization of data only being featured in specialized 
courses such as visual ethnography courses. And this 
lack of pedagogical focus on visual display likely 
stems from the fact that, with the exception of the 
books authored by Matthew B. Miles and A. Michael 
Huberman (i.e., Miles & Huberman, 1984, 1994; 
Miles, Huberman, & Saldaňa, 2014)—which still 
represents the most comprehensive classification 
system of visual displays—there is a dearth of general 
(i.e., non-specialized) qualitative research textbooks 
devoted to the visualization of qualitative data 
(Onwuegbuzie & Dickinson, 2008; Verdinelli & 
Scagnoli, 2013). Even the Sage Handbook of 
Qualitative Research (Denzin & Lincoln, 2018) only 
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has one of its 42 chapters (i.e., Magolis & Zunjarwad, 
2018) devoted to the visualization of qualitative data.  
 Moreover, there does not appear to be a 
single textbook devoted to the teaching of visual 
display in either quantitative or qualitative research 
courses. But with the recent attention on visual display 
among mixed methods researchers via joint displays, 
which involve presenting both qualitative and 
quantitative findings (Fetters, Curry, & Creswell, 
2013; Guetterman, Fetters, Curry, & Creswell, 2015), 
by means of “tables or figures that combine and 
display both quantitative and qualitative data together” 
(Johnson, Grove, & Clarke, 2019, p. 301) and 
crossover displays that “summarize and integrate both 
qualitative and quantitative results within the same 
framework” (Onwuegbuzie & Dickinson, 2008; p. 
205; see also Onwuegbuzie & Leech, 2019), the way 
has been paved for mixed methods researchers to lead 
in the promotion of visual displays. 
 In any case, because of the importance of 
visual displays in the empirical research process that 
findings from the current and previous (Onwuegbuzie 
& Hwang, 2019) editorial have supported, it is 
imperative that instructors of graduate-level research 
methodology courses recognize the central role that 
data visualization should play in the preparation of 
doctoral 
students. Yet, without such training in the 
visualization of data, it is likely that many students 
will continue to lack the knowledge, skills, and 
confidence to create even the most basic forms of 
visual displays, let alone the more sophisticated forms 
of visualization. And rather than assuming that 
doctoral students can train themselves in data 
visualization, these skills should be taught explicitly. 
Although we recognize that it is unlikely that the 
many/most doctoral curricula have room for required 
courses devoted to data visualization, we recommend 
that, at the very least, elective courses be deigned and 
that as many students as possible be encouraged to 
enroll in them. And as noted earlier, by data in data 
visualization, we are referring to any information that 
can appear in any of the 12 components of a research 
study, as categorized by Onwuegbuzie and Frels 
(2016). 

Further, data visualization should permeate the 
doctoral curriculum, optimally being incorporated 
into as many doctoral courses as possible in such a 
way that data visualization skills are not taught in 
isolation. Most importantly, and as indicated by the 
current findings, data visualization should be 
incorporated into research methodology courses. 
Without such data visualization skills, how can faculty 
members expect doctoral students to produce quality 
reporting of data? And without the ability to produce 
quality reports, it will be difficult for students and 
emergent scholars to be effective producers of 
research. 

References 

American Psychological Association. (2020). 
Publication manual of the American 
Psychological Association (7th ed.). Washington, 
D.C.: Author. 

Baron, R. M., & Kenny, D. A. (1986). The moderator-
mediator variable distinction in social 
psychological–research: Conceptual, strategic, 
and statistical considerations. Journal of 
Personality and Social Psychology, 51, 1173-1182. 
doi:10.1037/0022-3514.51.6.1173 

Bazeley, P. (2009). Analysing qualitative data: more 
than ‘identifying themes’. Malaysian Journal of 
Qualitative Research, 2, 6-22. 

Chafe, W., & Danielewicz, J. (1987). Properties of 
spoken and written language. In R. Horowitz & S. 
J. Samuels (Eds.), Comprehending oral and 
written language (pp. 83-113). New York, NY: 
Emerald Group. 

Cohen, J. (1988). Statistical power analysis for the 
behavioral sciences (2nd ed.). Hillsdale, NJ: 
Lawrence Erlbaum.  

Denzin, N. K., & Lincoln, Y. S. (Eds.). (2018). Sage 
handbook of qualitative research (5th ed.). 
Thousand Oaks, CA: Sage. 

Elia, A. (2009). Quantitative data and graphics on 
lexical specificity and index of readability: The 
case of Wikipedia. Revista Electrơnica de 
Lingǜistica Aplicado, 8, 240-271. 

Evergreen, S. D. H. (2017). Presenting data effectively: 
Communicating your findings for maximum 
impact (2nd ed.). Thousand Oaks, CA: Sage. 

Fetters, M. D., Curry, L. A., & Creswell, J. W. (2013). 
Achieving integration in mixed methods designs. 
Principles and practice. Health Services Research, 
48, 2134-2156. doi:10.1111/1475-6773.12117 

Flesch, R. (1946). The art of plain talk. New York, NY: 
Harper & Row. 

Frels, R. K., Onwuegbuzie, A. J., & Slate, J. R. 
(2010a). Editorial: A step-by-step guide for 
creating tables. Research in the Schools, 17(2), 
xxxviii-lix. Retrieved from 
http://msera.org/docs/RITS_17_2_Tables.pdf 

Frels, R. K., Onwuegbuzie, A. J., & Slate, J. R. 
(2010b). Editorial: A typology of verbs for 
scholarly writing. Research in the Schools, 17(1), 
xiv-xxv. Retrieved from 
http://msera.org/docs/RITS_17_1_Verbs.pdf 

Gazni, A. (2011). Are the abstracts of high impact 
articles more readable? Investigating the evidence 
from top research institutions in the word. Journal 
of Information Science, 37, 273-281. 
doi:10.1177/0165551511401658 

Guetterman, T. C., Fetters, M. D., & Creswell, J. W. 
(2015). Integrating quantitative and qualitative 
results in health science mixed methods research 
through joint displays. Annals of Family Medicine, 
13, 554-561. doi:10.1370/afm.1865 



WRITING STYLE, READABILITY, AND COMMUNICATION VAGUENESS AS A 
PREDICTOR OF THE USE OF VISUAL DISPLAYS AMONG MANUSCRIPTS SUBMITTED TO 

RESEARCH IN THE SCHOOLS 

Fall 2019                                  xi                  RESEARCH IN THE SCHOOLS 

Hahs-Vaughn, D. L., Onwuegbuzie, A. J., Slate, J. R., 
& Frels, R. K. (2009). Editorial: Bridging 
research-to-practice: Enhancing knowledge 
through abstracts. Research in the Schools, 16(2), 
xxxvii-xlv. Retrieved from 
http://msera.org/docs/RITS_16_2_Abstracts.pdf 

Harris, T. L., & Hodges, R. E. (Eds.). (1995). The 
literacy dictionary: The vocabulary of reading 
and writing. Newark, DE: The International 
Reading Association.  

Hayes, A. F. (2018). Introduction to mediation, 
moderation, and conditional process analysis: A 
regression-based approach (2nd ed.). New York, 
NY: Guilford Press.  

Hiller, J. H. (1971). Verbal response indicators of 
conceptual vagueness. American Educational 
Research Journal. 8, 151-161. 
doi:10.3102/00028312008001151 

Hiller, J. H., Fisher, G. A., & Kaess, W. A. (1969). A 
computer investigation of verbal characteristics of 
effective classroom lecturing. American 
Educational Research Journal, 6, 661-675. 
doi:10.3102/00028312006004661 

Johnson, R. E., Grove, A. L., & Clarke, A. (2019). 
Pillar Integration Process: A joint display 
technique to integrate data in mixed methods 
research. Journal of Mixed Methods Research, 13, 
301-320. doi:10.1177/1558689817743108 

Johnson, R. B., & Onwuegbuzie, A. J. (2004). Mixed 
methods research: A research paradigm whose 
time has come. Educational Researcher, 33(7), 
14-26. doi:10.3102/0013189X033007014 

Johnson, R. B., Onwuegbuzie, A. J., & Turner, L. A. 
(2007). Toward a definition of mixed methods 
research. Journal of Mixed Methods Research, 1, 
112-133. doi:10.1177/1558689806298224 

Klare, G. R. (1974/1975). Assessing readability. 
Reading Research Quarterly, 10, 62-102. 
doi:10.2307/747086  

Lambert, Z. V., & Durand, R. M. (1975). Some 
precautions in using canonical analysis. Journal of 
Market Research, 12, 468-475. 
doi:10.2307/3151100 

Magolis, E., & Zunjarwad, R. (2018). Visual research. 
In N. K. Denzin & Y. S. Lincoln (Eds.). Sage 
handbook of qualitative research (5th ed., pp. 600-
626). Thousand Oaks, CA: Sage. 

Metoyer-Duran, C. (1993). The readability of 
published, accepted, and rejected papers appearing 
in College & Research Libraries. College & 
Research Libraries, 54, 517-526. 
doi:10.5860/crl_54_06_517 

Miles, M., & Huberman, A. M. (1984). Qualitative 
data analysis: An expanded sourcebook (1st ed.). 
Thousand Oaks, CA: Sage. 

Miles, M., & Huberman, A. M. (1994). Qualitative 
data analysis: An expanded sourcebook (2nd ed.). 
Thousand Oaks, CA: Sage. 

Miles, M., Huberman, A. M., & Saldaňa, J. (2014). 
Qualitative data analysis: A methods sourcebook 
(3rd ed.). Thousand Oaks, CA: Sage. 

Moore, N. (2007). (Re)Using qualitative data? 
Sociological Research Online, 12(3). 
doi:10.5153/sro.1496. Retrieved from 
www.socresonline.org.uk/12/3/1.html  

Nicol, A. A. M., & Pexman, P. M. (2010). Displaying 
your findings: A practical guide for creating 
figures, posters, and presentations. Washington, 
DC: American Psychological Association. 

Onwuegbuzie, A. J. (2016). The missing link: The use 
of link words and phrases as a link to manuscript 
quality. Journal of Educational Issues, 2, 320-330. 
doi:10.5296/jei.v2i2.9697 

Onwuegbuzie, A. J. (2017). Most common formal 
grammatical errors committed by authors. Journal 
of Educational Issues, 3, 109-140. 
doi:10.5296/jei.v3i1.10839 

Onwuegbuzie, A. J. (2018). Communication 
vagueness in the literature review section of 
journal article submissions. Journal of 
Educational Issues, 4, 174-190. 
doi:10.5296/jei.v4i1.12995 

Onwuegbuzie, A. J. (2020a). The landscape of 
visualization in qualitative research. Manuscript 
submitted for publication. 

Onwuegbuzie, A. J. (2020b). Writing style as a 
predictor of manuscript quality. Manuscript 
submitted for publication. 

Onwuegbuzie, A. J., & Combs, J. P. (2009). Writing 
with discipline: A call for avoiding APA style 
guide errors in manuscript preparation. School 
Leadership Review, 4, 116-149. 

Onwuegbuzie, A. J., Combs, J. P., Frels, R. K., & Slate, 
J. R. (2011). Editorial: Citation errors revisited: 
The case for Educational Researcher. Research in 
the Schools, 18(1), i-xxxv. Retrieved from 
http://msera.org/docs/RITS_18_1_Complete.pdf 

Onwuegbuzie, A. J., Combs, J. P., Slate, J. R., & Frels, 
R. K. (2010). Editorial: Evidence-based guidelines 
for avoiding the most common APA errors in 
journal article submissions. Research in the 
Schools, 16(2), ix-xxxvi. Retrieved from 
http://msera.org/docs/RITS_16_2_APAErrors6th.
pdf 

Onwuegbuzie, A. J., & Daniel, L. G. (2003, February 
12). Typology of analytical and interpretational 
errors in quantitative and qualitative educational 
research. Current Issues in Education [On-line], 
6(2). Retrieved from 
http://msera.org/docs/Rits_editorial_12_2.pdf 

Onwuegbuzie, A. J., & Daniel, L. G. (2005). Editorial: 
Evidence-based guidelines for publishing   

articles in Research in the Schools and beyond. 
Research in the Schools, 12(2), 1-11. Retrieved 
from 



ANTHONY J. ONWUEGBUZIE AND EUNJIN HWANG 

Fall 2019                                  xii                  RESEARCH IN THE SCHOOLS  

www.msera.org/download/Rits_editorial_12_2.p
df 

Onwuegbuzie, A. J., & Dickinson, W. B. (2008). 
Mixed methods analysis and information 
visualization: Graphical display for effective 
communication of research results. The 
Qualitative Report, 13, 204-225. Retrieved from 
http://www.nova.edu/ssss/QR/QR13-
2/Onwuegbuzie.pdf 

Onwuegbuzie, A. J., & Frels, R. K. (2016). Seven 
steps to a comprehensive literature review: A 
multimodal and cultural approach. London, 
England: Sage. 

Onwuegbuzie, A. J., Frels, R. K., Hwang, E., & Slate, 
J. R. (2013). Editorial: Evidence-based guidelines 
regarding the number of citations used in 
manuscripts submitted to journals for review for 
publication and articles published in journals. 
Research in the Schools, 20(2), i-xiv. 

Onwuegbuzie, A. J., Frels, R. K., & Slate, J. R. (2010). 
Editorial: Evidence-based guidelines for avoiding 
the most prevalent and serious APA error in 
journal article submissions—The citation error. 
Research in the Schools, 17(2), i-xxiv. Retrieved 
from 
http://msera.org/docs/RITS_17_2_Citations.pdf 

Onwuegbuzie, A. J., & Hitchcock, J. H. (2019). 
Toward a fully integrated approach to mixed 
methods research via the 1 + 1 = 1 integration 
approach: Mixed Research 2.0. International 
Journal of Multiple Research Approaches, 11, 1-
6. doi:10.29034/ijmra.v11n1editorial1 

Onwuegbuzie, A. J., & Hwang, E. (2019). Editorial: 
Frequency in the use of visual displays and its 
predictability of the editor’s decision of 
manuscripts submitted to Research in the Schools. 
Research in the Schools, 26(1), i-x. 

Onwuegbuzie, A. J., Hwang, E., Combs, J. C., & Slate, 
J. R. (2012). Editorial: Evidence-based guidelines 
for avoiding reference list errors in manuscripts 
submitted to journals for review for publication: A 
replication case study of Educational Researcher. 
Research in the Schools, 19(2), i-xvi. Retrieved 
from 
http://msera.org/docs/RITS_19_2_Reference_err
ors2.pdf 

Onwuegbuzie, A. J., Hwang, E., Frels, R. K., & Slate, 
J. R. (2011). Editorial: Evidence-based guidelines 
for avoiding reference list errors in manuscripts 
submitted to journals for review for publication. 
Research in the Schools, 18(2), i-xli. Retrieved 
from http://msera.org/docs/rits-2011-v18n2.pdf 

Onwuegbuzie, A. J., & Leech, N. L. (2019). On 
qualitizing. International Journal of Multiple 
Research Approaches, 11, 98-131. 
doi:10.29034/ijmra.v11n2editorial2 

Onwuegbuzie, A. J., Mallette, M. H., Hwang, E., & 
Slate, J. R. (2013). Editorial: Evidence-based 
guidelines for avoiding poor readability in 

manuscripts submitted to journals for review for 
publication. Research in the Schools, 20(1), i-xi. 

Onwuegbuzie, A. J., Waytowich, V. L., & Jiao, Q. G. 
(2006, December). Bibliographic errors in  
articles submitted to scholarly journals: The case 
for Research in the Schools. Academic Exchange 
Extra. Retrieved from 
http://asstudents.unco.edu/students/AE 
Extra/2006/12/index.html 

Provalis Research. (2019a). QDA Miner (Version 
5.0.33) [Computer software]. Montreal, Quebec, 
Canada: Author. 

Provalis Research. (2019b). WordStat (Version 8.0.26) 
[Computer software]. Montreal, Quebec, Canada: 
Author. 

Sandelowski, M. (2011). When a cigar is not just a 
cigar: Alternative takes on data and data analysis. 
Research in Nursing & Health, 34, 342-352. 
doi:10.1002/nur.20437 

Sandelowski, M. (2014). Unmixing mixed-methods 
research. Research in Nursing & Health, 37, 3-8. 
doi:10.1002/nur.21570 

Tabachnick, B. G., & Fidell, L. S. (2007). Using 
multivariate statistics (5th ed.). Boston, MA: 
Allyn & Bacon. 

Tashakkori, A., & Teddlie, C. (Eds.). (2010). Sage 
handbook of mixed methods in social and 
behavioral research (2nd ed.). Thousand Oaks, 
CA: Sage.  

Thompson, B. (1995). Stepwise regression and 
stepwise discriminant analysis need not apply here: 
A guidelines editorial. Educational and 
Psychological Measurement, 55, 525-534. 
doi:10.1177/0013164495055004001 

Tufte, E. R. (2001). The visual display of quantitative 
information (2nd ed.). Cheshire, CT: Graphics 
Press. 

Valsiner, J. (2000). Data as representations: 
Contextualizing qualitative and quantitative 
research strategies. Social Science Information, 39, 
99-113. doi:10.1177/053901800039001006 

Verdinelli, S., & Scagnoli, N. (2010, May). A review 
of syllabi for a sample of qualitative research 
methods courses in psychology. Poster presented 
at The Sixth International Congress of Qualitative 
Inquiry, Urbana-Champaign, IL, USA. 

Verdinelli, S., & Scagnoli, N. (2013). Data display in 
qualitative research. International Journal of 
Qualitative Methods, 12, 359-381. 
doi:10.1177/160940691301200117 

Waytowich, V. L., Onwuegbuzie, A. J., & Jiao, Q. G. 
(2006). Characteristics of doctoral  

 students who commit citation errors. Library 
Review, 55, 195-208. 
 doi:10.1108/00242530610655993 

Wolcott, H. F. (1994). Transforming qualitative data: 
Description, analysis, and interpretation. 
Thousand Oaks, CA: Sage. CT: Graphics Press 


	TOC_26(2)
	Research

	RIT_Inside Front_Fall 2020
	Research in the Schools

	RITS_26(2)_Editorial 1_Final
	RITS_26(2)_Editorial 2_Final
	RITS_26(2)_Editorial 3_Final
	Qualitative analyses. As suggested by Miles and Huberman (1994), our data analysis included three “concurrent flows of activity: data reduction, data display, and conclusion/drawing/verification” (p. 10). During data reduction, a constant comparison a...
	Onwuegbuzie, A. J., Slate, J. R., Leech, N. L., & Collins, K. M. T. (2009). Mixed data analysis: Advanced integration techniques. International Journal of Multiple Research Approaches, 3, 13-33.doi:10.5172/mra.455.3.1.13

	RITS_26(2)_1_Pellegrino_Final
	RITS_26(2)_2_Sparks_Final
	RITS_26(2)_3_Stapp_Final
	Lee, J. S. (2014). The relationship between student
	engagement and academic performance: Is it a
	myth or reality? The Journal of Educational
	Research, 107, 177-185. doi:10.1080/00220671.2013.807491
	Mason, J., & Hood, S. (2011). Exploring issues of
	children as actors in social research. Children
	and Youth Services Review, 33, 490-495.
	doi:10.1016/j.childyouth.2010.05.011


	RITS_26(2)_4_Lavery_Final
	RITS_26(2)_5_Davis_Final
	RITS_26(2)_6_Nancy_Final
	2014). The traditional schools without STEM programs typically teach STEM content areas in the traditional, siloed format (Ramirez, 2013).

	RITS_26(2)_7_Vogler_FInal
	RITS Inside Back Cover Spring 2013
	TOC_26(2).pdf
	Research




